THE STRUCTURAL NETWORK OF MAJOR DEPRESSIVE DISORDER
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PROJECT OBJECTIVES

Infer the structural network of MDD
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Effective connectivity
[Seminowic2004]

The degree of a node in a network is the number of connections the node has to other nodes
Are there specific voxels that

play the most central role in the
connectivity?

Understand the relationship
between structural and
functional networks

REGIONS OF INTEREST
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DTI image goes through various processing steps

Difference between healthy an which add noise to the actual data

depressed subjects

We use a value V larger than
zero to remove noise

The eccentricity of a node v in a connected network Is the maximum distance between v and any otl
node Iin the network

wlmage acquisition

wV Is chosen as a fraction of \
voxels in each source region g

wNon-linear transformation to standard space
wSegmentation
wProbabilistic tractography
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Adjacency matrix  Probability matrix

We inferred the
structural network of
depression for every
subject as well as the
common network among
all subjects

Analysis of common
network shows
significant role of BA25
INn terms of centrality
measures

1- Weighted network
construction and
analysis

2- Voxel based analysis
to identify DBS target

TheJaccard@oefficient measures similarity between sets, and is defined as the size of the intersection
divided by the size of the union of the seb&d ) z—z
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